OINEHOYHBIE MATEPHUAJIbBI
MO AMCHUIIJIMHE
HMHocTpaHHBIN 53bIK B TPOGECCHOHAIBHOU cepe

Kox monyis Moayanb
1156280(1) WNHoctpaHHbIi A3bIK B IpO(hecCuOHAIBHON cdepe

Exarepun0Oypr



OI_ICHOLIHLIC MaTepurajibl COCTABJICHLL aBTOpOM(aMI/I)I

Ne ni/nt Damunns, nm, Yd4eHasl cTeNneHb, TomxnoCTS IMoapa3nenenue
0T4YeCTBO Y4YeHoe 3BaHHe
| NBanosa Ceeriiana 0e3 yueHou Crapumit WHOCTPAHHBIX A3BIKOB U
AJ[CKcallj_lpOBlla CTCIICHU, 6C3 [pernojaaBar O6paSOBaTCJlbllle
YYEHOI'0 3BaHUs b TEXHOJIOT U
2 CazonoBa Haranps KaHIuaaT Houent MHOCTPaHHBIX SI3bIKOB U
BilagumuposHa (uitonoruuecKkux o0pa3oBaTebHbIX
HayK, 0€3 y4EeHOro TE€XHOJIOTHUM
3BaHUs
CornacoBano:

VYnpasienue o0pazoBaTeIbHBIX TPOTPaAMM

P.X. TokapeBa




ABTOpBI:

* HBanoBa CBeTiiana AjlekcaHapoBHa, CTapummii npenoaaBaTe/ib, HHOCTPAHHBIX
SI3bIKOB M 00pa30BaTeIbLHbIX TEXHOJIOT Uil
* Ca3onoBa Haraabsa BaagumupoBHa, [[oneHT, HHOCTPAHHBIX SI3bIKOB H

00pa30BaTeJIbHbIX TEXHOJOTH I

1. CTPYKTYPA MW OBBEM JUCHUIIJIMHBI

npodeccuoHaIbHOI chepe

NHocTpaHHbIT

AI3BbIK

1. O0bem AUCHHUILIMHBI 6
3a4eTHBIX eINHULAX

2. Buabl ayiuTOpHbIX 3aHATHI [TpakTHueckne/ceMUHApPCKUE 3aHATHUS

3. IIpome:xxyTouHasi aTTecTanus 3auer
DK3aMeH

4. Texkymas arrecrauus KonTponbHas pabota 4
Jomarnsist pabora 4
ITepeBon UHOA3BIYHOH | 4
JUTEPaTyphbl

2. IINTAHUPYEMBIE PE3YJIbTATbBI

B

OBYUYEHUA MHIAUKATOPHBI) 11O
JAUCHUIIIIMHE MOJAYJIS Nnoctpanublii 361k B npodeccnonansuoi chepe

Nunukatop — 3TO mpu3HAK / CUTHAN/ MapKep, KOTOPBIA TMOKAa3bIBaE€T, HA KAaKOM YpPOBHE
00yJaronuics T0JDKEH OCBOUTD Pe3yJIbTaThl 00YUYCHHS U UX MPEABSIBICHUE JOJKHO TTOITBEPIUTH
(hakT OCBOCHHSI IPEIMETHOTO COACPKAHMS JAHHON AMCUUILINHBI, yKa3aHHOTO B Tabu. 1.3 PTIM-

PII.

Taonuma 1

Koa 1 HaumMeHoBaHue

[Lnanupyembie pe3yJabTaThl

KoHnTpo/bHO-011cHOYHBIE
cpeacTBa /1 OLleHHBaHUA

KOMITETEHIIMHU o0y4eHHs1 (HHIMKATOPHI) AOCTHKEHUS pe3yabTara
00y4eHHs 10 JUCHHUILINHE
1 2 3
YK-4 -CnocoGeH -1 - JlemoHCcTpUpOBaTh Jlomaminss padora Ne 1
OCYUIECTBIIATh JIOTHYECKOE MBIIIJICHUE U MMaMsTh, | Jlomamrasas paboTa Ne 2
JIEJIOBYIO YCTOMYMBOE BHUMAaHUE 3auet

KOMMYHHUKAITUIO B
YCTHOM ¥ MUCbMEHHOU
¢dopmax Ha
roCyJJapCTBEHHOM
a3pike Poccuiickoii
®denepanuu u
WHOCTPAHHOM(BIX )
s13bIKe(ax)

-2 - TIposBasATH CIOCOOHOCTH K
PaCIIMPEHUIO JIEKCUYECKOTO
3araca, COBEpIICHCTBOBAHHUIO
YCTHOM U IIUCbMEHHOU peyH,
pa3BUTHIO OOLIEr0 Kpyro3opa u
KYJIBTYPBI

3-1 - JIleMOHCTpUPOBATH 3HAHUS
JIEKCUYECKUX U TPAaMMaTHIYECKUX
eauHUII (JIEKCUKO-

(b pa3eosorn4ecKoro MaTepraia) B
00BeME TOCTATOYHOM LIS

Kontponbnas padora Ne 1
Konrtponbsnas pabora Ne 2
ITepeBo1 MHOSBBIYHOMN
auteparypsl Ne |

[TepeBo1 HHOSBBIYHOMN
auteparypsl Ne 2
[IpakTryeckue/ceMruHapCKue
3aHATHSA

DK3ameH




MUCBbMEHHOTO U YCTHOTO
OOLIeHHMS 110 Pa3INYHON TEMaTHKE
B [IOBCE/IHEBHBIX U
npohecCHOHANBHBIX CUTYaIUsIX
Ha rOCYJJapCTBEHHOM U
MHOCTPAHHOM (-bIX) SI3bIKaX

3-2 - JleMOHCTpUpOBATh 3HAHUE
OLICHOYHOM JIEKCUKH U PETUIHK-
KJIMIIIE PEYEBOT0 3TUKETA HA
YpOBHE OCBOEHUS S3bIKa B
COOTBETCTBUU C YPOBHEBOU
mikanoi ouenuBanus (CEFR)

3-3 - I31105KUTh CTPYKTYpY
JIEJIOBOTO MHUChMa, IIPaBUiIa
COCTaBJICHUS JI€JIOBbIX
JIOKYMEHTOB, HCIIOJIb3YSI
npoeCCUOHATBLHYIO
TEPMHUHOJIOTHIO U PEIUIUKH-
KJIMIIIE PEYEBOT0 3TUKETA HA
rocy/1apCTBEHHOM U
MHOCTPAHHOM (-bIX) SI3bIKAX

3-4 - XapakTepu3oBaTh
JIEKCUYECKYIO U IPaMMaTHYECKYIO
CTPYKTYPHI sI3bIKa OpUTHHAIA
TEKCTa

3-5 - Cnenatb 00630p
NEPEBOJUYECKHUX
3aKOHOMEPHOCTEM

3-6 - Cnenatb 0030p
KOMMYHHMKATHUBHBIX CTpaTeruii u
TaKTHK JIEJIOBOTO
B3aUMO/ICHCTBUSI, CPENICTB U
CIocoO0B yCTaHOBJICHHUS
KOHTAKTOB JIJIsl TAPMOHUYHOTO
0o011eHn

I1-1 - CocTaBiATh NUCHbMEHHBIE
TEKCTHI C UCIOJIb30BAHUEM
OCBOEHHBIX JIEKCUUYECKHUX U
rpaMMaTHYEeCKUX €TUHMIL
(JTekcuKo-hpa3zeoTornIecKoro
MaTepHala) u MPOBOAUTH YCTHbIE
JINAJIOTH 1O Pa3InYHON
IOBCEIHEBHON WJIN
poeCCHOHAIEHON TEMATHUKE Ha
rOCyJJapCTBEHHOM SI3BbIKE
Poccuiickoit @enepanyu uim
MHOCTPAHHOM SI3bIKE

I1-2 - CocTaBiATh B 3JIEKTPOHHOM
BUJIC IPE3CHTALIMM JIOKJIAJIOB U
COOO0ILIEHNH TI0 Pa3IUYHON
TEMaTHKE U MMyOJINIHO
IPEJICTaBIISITh UX B YCTHOM hopme




Ha TOCYJJapPCTBEHHOM SI3bIKE
Poccuiickoit ®enepanuu u
WHOCTPAHHOM SI3BIKE

I1-3 - CocTaBusare u
CTPYKTYpUPOBATH JICIIOBBIC
MUChbMa M JOKYMCHTHI B
COOTBETCTBUU C MPABUIIAMH,
UCITIOJNTB3Ys TPO(ECCHOHATIBHYIO
TEPMHUHOJIOTHIO ¥ PETUTHKH-
KJIMIIIE PEUeBOr0 ITUKETa Ha
roCyJJapCTBEHHOM U
WHOCTPAHHOM SI3BIKaX

11-4 - BeIIOJIHATE
IIOCJIEIOBATEILHBIN aleKBAaTHBIN
o opme, coepKaHUIO U
CTPYKTYype NIepeBO/I
AyTeHTUYHOTO TEKCTa B
OTpeIeJICHHOM 001acTH
npodeccuoHanbHOM
JIeATEIbHOCTU

I1-5 - PaboTas B KOMaH/IE,
TJIAHUPOBATH MPOIIECC
pEYEINoBEICHUECKON
KOMMYHHKAITUH B 3aBUCUMOCTH
OT KOHKPETHOW CUTYyaluu
JIEJTOBOT'O B3aMMOJICHCTBH,
UCTIONB3YSl KOMMYHUKATUBHBIE
CTpaTervH U TAKTUKU U
ONTHUMAJIbHBIE CLIOCOOBI OOIICHUS
V-1 - BocrippuHuMath Ha ciayx
pa3BepHYThIE YCTHBIE COOOIIEHUS
CO0OECETHNKOB B [IOBCEIHEBHBIX U
po(hecCHOHATBFHBIX CUTYAIUSIX
OOLIeHMs Ha TOCYIapCTBEHHOM U
WHOCTPAHHOM(-bIX) SI3bIKAX U
MPaBUJILHO PACIIO3HABATH UX
CMBICJIOBBIE COJICpKAHUS

V-2 - CaMOCTOSITEIIFHO
OLIEHUBATh TOCTATOYHOCTH
OCBOCHHOI'0 00beMa JICKCUKO-
(bpa3eosorn4ecKoro MaTepuaa
JUTSl TUICBMEHHOTO U YCTHOTO
OOILIEHNS 10 Pa3TMYHON TEMATUKE
B IIOBCEHEBHBIX U JIEJTOBBIX
CUTYallUsAX U ONPEIENIATh
HEOOXOIUMOCTh B
COBEPIICHCTBOBAHUU YCTHOM U
MMUCBMEHHOW PEUYH U IOMOJTHEHUN
CJIOBapHOTIO 3amaca

V-3 - OueHuBaTh CTPyKTypy
JICTIOBBIX TIMCEM U TIPABUIIBHOCTH
0hopMITEHHUS IETOBBIX




JIOKYMEHTOB, COCTABJICHHBIX Ha
roCy/1apCTBEHHOM U
MHOCTPAHHOM(-BIX) SI3bIKAX, U
KOPPEKTHPOBAThH MX

V-4 - BeiOupatb
npodeccuoHaIbHYI0
TEPMUHOJIOTHIO, HanboJee
yHoTpeOUTEeIbHbIE PETTUKHU-
KJIMILE PEYEBOT0 STHUKETA ISt
bopMyIHpOBaHUS CBSI3HBIX,
3aKOHYEHHBIX B CMBICJIOBOM
OTHOIICHUU TEKCTOB JIEJIOBBIX
UCEM U IOKYMEHTOB Ha
roCy/1apCTBEHHOM U
WHOCTPAHHOM (-bIX) SI3bIKAX
V-5 - YcranaBnuBarth
COOTBETCTBUE (POPMBEI,
COJICPKAHUs, CTPYKTYPHI
MCXOJHOI'0 TEKCTA Ha A3BIKE
OpUTHHAJIA KOHCTPYKITHSIM SI3bIKa
NepeBojia U ONPEeIIATh
HKBHUBAJIEHTHOCTh NIEPEBOJIA JIIS
peLIeHHsT CXOAHBIX
UH(GOPMaIMOHHO-
KOMMYHHUKATHBHBIX 3a/1a4

OIIK-6 -Cniocoben
IIPEJICTaBIISTh
pe3yJIbTaThI
npodeccuoHaTbHON
NEeATEIbHOCTH B YCTHOM
U MUCbMEHHOM Gopmax
B COOTBETCTBUHU C
HOpMaMHU U NpaBUJIaMH,
IIPUHSTHIMU B
npogecCOHaIbHOM
cooOriecTBe

-1 - IlposiBsTh
KOMMYHHMKA0EIbHOCTD U
KOPPEKTHOCTh B OOIIIEHUU

3-1 - JleMOHCTpUpPOBATH
NOHUMaHHE HOPM U TPaBUII
PYCCKOI'O U aHTJIMICKOTO S3bIKa B
NPUMEHEHUH K TPO(UITIO
JeSITeIIbHOCTH

3-2 - JleMOHCTpHUPOBATh
MOHMMaHUE PaBU 0popMIIEHUS
HAYYHBIX U HAyYHO-TEXHUYECKUX
OTYETOB U JApyrux ¢popm
IIPEJICTaBJIEHUs PE3YJIbTATOB
npodecCuoHaTbHON
JESATEIILHOCTH

I1-1 - UmeThb ombIT
IIPEJICTaBICHNS PE3YJIbTATOB
Hay4YHO-MCCIEA0BATEIbCKOMN
/HayYHO-TEXHUUYECKON PabOThI Ha
PYCCKOM U aHTJIMMCKOM $I3bIKaX B
YCTHOM pe€4YH U MHCbMEHHBIX
JIOKYMEHTax

[1-2 - UMeTh OnbIT HAKCAHUS U
0 OpMIIEHHS OTUETOB, TE3UCOB,
[IOATOTOBKH IIPE3EHTALIUN 110
pe3yabTaTaM COOCTBEHHOM

Jomamnss padora Ne 3
Jomamnsis pabota Ne 4
3auer

KonTponbnas padora Ne 3
Konrponbnas padora Ne 4
[lepeBo MHOS3BIYHON
autepaTypsl Ne 3

[TepeBox MHOS3BIYHON
autepatypsl Ne 4
[IpakTHyeckue/ceMruHapcKue
3aHATHUSL

OK3aMeH




HAy4YHO-HCCIIE10BATENbCKOM /
HAy4YHO-TEXHUYECKOU pabOoThHI Ha
PYCCKOM M aHIVIMHCKOM SI3bIKax B
COOTBETCTBHUH CO
c(hopMUpPOBAHHOM
MH(POPMAIIOHHON U
oubmorpadudeckon KyJabTypoi
V-1 - I'pamoTHO hopMyIHpOBATH
pe3yJIbTaThl ACSITEILHOCTH B
npogeccuoHanbHON 001acTH Ha
PYCCKOM M aHIVIMHCKOM SI3bIKax B
COOTBETCTBHH C HOPMaMHU U
IIpaBUJIaMU

V-2 - BoibupaTh CTUIIb
o(opmIIeHUSsI HAYYHBIX U HAy4YHO-
TEXHUYECKUX OTUYETOB, TE3HCOB
JIOKJIaZIOB HA PYCCKOM U
aHTJIMIICKOM S3BIKE B
COOTBETCTBUM C HOPMaMU U
MpaBUIaMH, IPUHITHIMU B
npoeccuoHaIbHOM COO0IIECTBE

3. HPOLHEAYPBI KOHTPOJISI U OUEHUBAHUSA PE3YJIBTATOB OBYYEHUS B
PAMKAX TEKYHIEX M TIPOMEXYTOYHOH ATTECTAIIAUM 11O
JNCHUIIVIMHE MOAYJA B  BAJBHO-PEUTHHIOBOW CHUCTEME
(TEXHOJIOI'MYECKAS KAPTA BPC)

3.1. IIpouenypsl TeKylel U NPOMEKYTOYHON ATTECTANMH 10 JUCHHUILIUHE

1. Jlekuun: ko3gpuuueHT 3HAYMMOCTH COBOKYITHBIX Pe3y/IbTATOB JEKIIMOHHBIX 3aHATHI
— He IPEeIYCMOTPEHO

Texymas arrecTanus Ha JEeKIUAX Cpoku — | Makcumaib
ceMecTp, | Hasl OlleHKa
yuyeOHast B 0aJsiax

Hees

BecoBoii k03¢ ¢uLMEeHT 3HAYUMOCTH Pe3yJIbTATOB TEKYIIeH aTTecTAlMU M0 JeKUHIM — He
NMpeTyCMOTPEHO

IIpome:xyTOoO4YHasi aTTeCTALMSA 110 JIEKUMAM — HET
BecoBoii K03 GHUIHEHT 3HAYUMOCTH Pe3yJIbTATOB MPOMEKYTOYHOM ATTECTALMH 110 JEeKIUAM
— He NIPeAYCMOTPEHO

2. [IpakTH4yeckne/ceMUHAPCKHE 3aHATHSA: KOO(PPUIHEHT 3HAYMMOCTH COBOKYITHBIX
Pe3y/1bTaTOB NPAKTHYECKHX/CEMHHAPCKUX 3aHATHH — |

Texkymas arrecTauus HA NPAKTHYECKUX/CEMUHAPCKUX Cpokn — | Makcumaib

3aHATHAX ceMecTp, | Hasl OLleHKa
yueOHas B O0aJu1ax
HeJeJIs

QoMAWHsIsL paboma 3,6 15

doMmawHsisi paboma 3,10 15

KOHMPOJIbHASL paboma 3.8 20




KOHMPOJIbHASL paboma 3,14 20
nepesoo UHOCMPAHHO20 MeKCmd 3,4 10
nepesoo UHOCMPAHHO20 MeKCA 3,12 10
aKaoemuyeckas akmugHoCmby 3,16 10

BecoBoii K03 GUIMEHT 3HAYUMOCTH Pe3yJIbTATOB TeKYyILlel aTTecTaluH 110
NPaKTHYEeCKUM/CeMUHAPCKUM 3aHsATUsAM— (.6

IIpomexyTouHas aTTecTALMA MO MPAKTHYECKUM/CEMHUHAPCKUM 3aHATUHAM—3a4eT
BecoBoii K03 GUIHMEHT 3HAYUMOCTH Pe3yJIbTATOB IPOMEKYTOYHON aTTECTALHHU 110
NPAKTHYECKHUM/CeMHMHAPCKUM 3aHsATusIM— (.4

3. JlabopaTopHble 3aHATUSA: KO3 (PUIIHEHT 3HAYMMOCTH COBOKYIHBIX Pe3y/IbTaTOB
J1A00PATOPHBIX 3AHATHH —H e 11PEIYCMOTPEHO

Texymas arrecranys Ha J1a0OPaTOPHBIX 3AHATHAX Cpoku — | Makcumaianb
ceMecTp, | Hasl OLleHKa
yuyeOHas B 0as1ax

HeJleJIst

BecoBoii kK03 GUIHEHT 3HAYUMOCTH Pe3yJIbTATOB TeKylIeH aTTeCTAlUM 10 JJa00paTOPHbIM
3aHATHAM -He [PeIyCMOTPeHO

IIpomexyToyHas aTTeCTANMA 110 JIA0OPATOPHBIM 3aHATHAM —HET
BecoBoii k03¢ puumeHT 3HAUYMMOCTH Pe3yJIbTATOB MIPOMEKYTOYHON aTTeCTALIMHU 10
JIA00PATOPHBIM 3aAHATHAM — He IIPEIYCMOTPEHO

4. Onnaiin-3aHaTus: K03QPUIHEHT 3HAYMMOCTH COBOKYIHBIX Pe3y/ibTATOB OHJIAH-3aHATHIA
—He NMPeAyCMOTPEHO

Texkymas arrecTanus Ha OHJIAWH-3AHATHAX Cpoxu — MakcumaJjinb
cemecTp, Hasl OIIEHKA
yueOHasi | B 0ajax

Heaes

BecoBoii K03 GUIHMEHT 3HAYUMOCTH Pe3yJIbTATOB TEKYIIEeH ATTeCTAllUH 110 OHJIAWH-
3aHATHAM -He 11PeIyCMOTPEHO

IIpome:xxyTouHasi aTTecTANNS N0 OHJIAMH-3aHATHAM —HET
BecoBoii kK03()(puHEHT 3HAYNMOCTH Pe3yJIbTATOB MPOMEKYTOUYHOM ATTECTAIUM 10 OHJIAWH-
3aHATHAM — He PeyCMOTPEeHO

3.2. [lpouenypsl TeKkyuieid 1 NPOMEKYTOUHOM aTTECTALMU KYPCOBOH padoThI/MPoeKTa

Texymas arrecTanusi BbINOJIHEHHS KYPCOBOii Cpoku — cemecTp, | MakcumaiabHas
padoThI/MpoeKTa yueOHAasi HeJleJis | olleHKA B 0ajjiax

BecoBoii kK03 GUIHMEHT TeKylIeld ATTeCTAllUM BbINOJTHEHUsI KypPCOBOM padoThl/IpoeKTa— He
HpPeIyCMOTPEHO

BecoBoii kK03 (puIHEeHT MPOMEKYTOUHOM ATTECTAMU BHINIOJHEHUSI KYPCOBOM
PadoThI/MPOEKTA— 3AIMUTHI — He NPEeIYCMOTPEHO

3.1. IIpouenypsbl TeKylie U MPOMEKYTOYHON ATTECTANMH 10 JUCHHUILIUHE

2. Jlexknuu: k03¢ PpHuMeHT 3HAYUMOCTH COBOKYITHBIX Pe3y/IbTATOB JEKIHOHHBIX 3AaHATHH
— HEe NPEeIYCMOTPEHO

Texkymas arrecranus Ha JEKIHAX Cpoxu — MaxkcumaJjb
cemecTp, Hasl OlleHKa
yueOHast B 0aJj1ax

HeJes




BecoBoii K03 GUIHMEHT 3HAYUMOCTH Pe3yJIbTATOB TeKYIeH aTTeCTAlMH 10 JeKUHUAM — He
MPeAYyCMOTPEHO

IIpome:xxyTouHasi aTTecTAlUS 1O JEKIUIAM —
BecoBoii kK03(p)(puIHEeHT 3HAYMMOCTH Pe3YJIbTATOB MPOMEKYTOUYHOM ATTECTAIUM IO JIEKIMAM
— He IPEeIYCMOTPEHO

2. IIpakTH4yeckne/cCeMUHAPCKHE 3aHATHA: KOO(PPUIHEHT 3HAYMMOCTH COBOKYITHBIX
pe3yJabTATOB NPAKTHYECKUX/CEMMHAPCKUX 3aHATHH — |

Texkymas arrectauyus HA NPAKTHYECKUX/CEMUHAPCKUX Cpokn — | Makcumainb

3aHATHAX ceMecTp, | Has OLleHKa
yueOHast B O0aJju1ax
HeeJIs

domawiHsis paboma 4,6 15

domawHss paboma 4,10 15

KOHMPOJIbHASL paboma 4,8 20

KOHMPOIbHAS paboma 4,14 20

nepesoo0 UHOCMPAHHO20 MEKCMA 4.4 10

nepesoo UHOCMPAHHO20 MEeKCMd 4,12 10

axkaoemuyeckas aKkmueHoCmy 4,16 10

BecoBoii K03 GUIHMEHT 3HAYUMOCTH Pe3yJIbTATOB TeKYILIeH aTTecTaluH 110
NPAKTHYECKHUM/CeMHUHAPCKUM 3aHsATUsIM— (.6

IIpomexyToyHas aTTeCTANMA 0 MPAKTHYECKUM/CEMHHAPCKUM 3aHATHAM—OK3aMeH
BecoBoii K03 GUIHMEHT 3HAYUMOCTH Pe3yJIbTATOB IIPOMEKYTOYHON aTTECTALMH 110
NPaKTHYEeCKUM/CeMUHAPCKUM 3aHsiTusiM— (.4

3. JlabopaTopHble 3aHATHSA: KOOPPUUMEHT 3HAYUMOCTH COBOKYIIHBIX Pe3yJbTATOB
JIA0OPATOPHBIX 3aHATHI —iie IIPeIyCMOTPEeHo

Texymas arrecTanus Ha Ja0OPATOPHBIX 3AHATHAX Cpoku — | Makcumaib
ceMecTp, | Hasl OlleHKa
yueOHast B 0aJsiax

Heest

BecoBoii KOI)(l)q)l/IIII/IeHT SHAYUMOCTH pE3yJIbTaToB TeKleIeﬁ aTrrecranmu 1o naﬁopaTopHMM
SAHATHAM -HE IPEeAYyCMOTPEHO

IIpomexyTouHas aTTecTALMA 110 JJAOOPATOPHBIM 3aHATHAM —HET
BecoBoii k03¢ puumeHT 3HAYMMOCTH Pe3yJIbTATOB MIPOMEKYTOYHOM aTTeCTAllNHU 110
JIA0OPATOPHBIM 3aHATHAM — He 11Pe/lyCMOTPEHO

4. OnjaiH-3aHATHA: KO3(PPHUIHEHT 3HAYMMOCTH COBOKYITHBIX Pe3y/1bTATOB OHJIAH-3aAHATHH
—He NPeyCMOTPEHO

Texkymas arrecranusa HA OHJIAWH-3AHATHAX Cpoku — | Makcumaianb
ceMecTp, | Hasl OLlEHKa
y4yeOHas B 0as1ax

Henens

BecoBoii kK03(p)(puIHEeHT 3HAYMMOCTH Pe3yJIbTATOB TeKYyllell aATTeCTAlNH 110 OHJIANH-
3aHATHAM -He [IPeIyCMOTPEeHO

IIpomeskyTOUHAS aTTECTAIMS 10 OHJIAWH-3AHATUAM —HET
BecoBoii K03 (puHEHT 3HAYMMOCTH Pe3YJIbTATOB POMEKYTOYHOM ATTECTALUM 110 OHJIAWH-
3aHSITHSAM — He PeJIyCMOTPEeHo

3.2. [lpouenypsl TeKyuieil ¥ NPOMEKYTOYHOM aTTECTALMU KYPCOBOH padoThl/MPoeKTa

Texyuias arrecTanus BbINOJHEHUS KYPCOBOii Cpoku — cemecTp, | MakcumaabHast
padoThI/poeKTa yuyeOHasi HeJleJisl | OIleHKA B 0ajljiax




BecoBoii k03(p(punueHT TeKyed aTTecTAIMU BLINOJHEHUSI KYPCOBO padoThl/mpoeKTa—

BecoBoii kK03(p)(puIIHEeHT MPOMEKYTOUHOM ATTECTALMU BHINIOJHEHUSI KYPCOBOM
padoThI/MPOEKTA— 3aIUUTHI —

4. KPUTEPUM U YPOBHM OIIEHWUBAHUS PE3VJIbTATOB OBYUEHHUS IO
JTUCHUILIMHE MOJY.JISA

4.1. B pamkax bPC npumMeHstoTcs yTBep:kIeHHbIC Ha Kaeape/MHCTUTYTe KPUTEpUH (TIPU3HAKH )
OLICHUBAHMS JOCTIKEHHUI CTYACHTOB MO JAUCHUILTAHE MOIyJs (Tabi. 4) B paMKax KOHTPOJIbHO-
OIICHOYHBIX MEpOMNPUATUN Ha COOTBETCTBHUE YyKa3aHHBIM B TaOm.l pesynpTaTam oOyudeHUs

(MHAMKATOpAM).

Tab6nura 4

Kpurepun oneHuBanns y4eOHbIX JOCTHKEHUH 00yYaIOIINXCH

Pe3yabTarhl Kpurepun oneHnBaHusi yueOHbIX JOCTH:KEHHUI, 00y4aromuxcs Ha

00y4eHust COOTBETCTBHE Pe3yJIbTaTAM 00y4eHHsI/MHAUKATOPAM

3HaHU CTyAeHT IeMOHCTpUPYET 3HaHUs ¥ IOHUMaHUe B 00J1aCTH N3YUYEeHHUS Ha
YPOBHE YKa3aHHBIX MHIUKATOPOB M HEOOXOJIUMBIE IJIsi MPOJOJIKEHUS
OoOy4YeHHs W/WIM BBIIOJHEHHUS TPYIOBBIX (YHKIMH ¥ JEHCTBHIA,
CBSI3aHHBIX C PO(ECCHOHATBHOM I TETbHOCTBIO.

YMeHns CTyeHT MOXKET MPUMEHSATh CBOM 3HAHUS M IIOHMMaHUE B KOHTEKCTaXx,

IIPE/ICTABICHHBIX B OLICHOYHBIX 3aJaHUAX, JEMOHCTPUPYET OCBOEHHUE
YMEHHM Ha ypOBHE YKa3aHHBIX HHIMKATOPOB U HEOOXOJUMBIX JIst
MPOAOIKEHUST OOYYEHHs H/MIM BBINOJIHEHHUS] TPYAOBBIX (YHKIMHA U
JIeICTBHM, CBSI3aHHBIX C MPOdecCHOHAIBHOM J1eTENbHOCTBIO.

OrbIT /BiIagcHUE

CTYIlCHT ACMOHCTPUPYCT OIIBIT B o0iactu HU3YUCHUA HaA YPOBHC
YKa3aHHBIX WHAWKATOPOB.

Jlpyrue pe3yabTaThl

CTyeHT AEeMOHCTPHUPYET OTBETCTBEHHOCTh B OCBOCHHH PE3YJIHTaTOB
00y4YeHHs Ha YPOBHE 3aIITAHUPOBAHHBIX HHIHKATOPOB.

CtyneHT CcnocoOeH BBIHOCUTH CYXXICHHS, [el1aTh OICHKH U
(hopmyIHpoBaTh BBIBOIBI B 00JIACTH U3YUYCHUSI.

CTyAeHT MOXKET cOO0MIaTh MPETOAABATEIIO U KOJUIETaM CBOETO YPOBHS
COOCTBEHHOE TOHMMAaHHE U YMEHHS B 00JIACTH U3Y4CHHUSI.

4.2 ]JIns olleHUBaHUSI YPOBHS BBIIIOJHEHUS] KPUTEPHEB (YPOBHS AOCTHIKEHUH 00YUYarOIUXCs IPU
MPOBEICHHN KOHTPOJIBHO-OLCHOYHBIX MEPONPUITHHA 110 IMCIMIUIMHE MOJIYJIsI) HCIIOIB3YeTCs
yHHMBEpcalibHasl miKasna (Tadi. 5).

Tabauua 5

IIIxaja oeHUBAHHUA JOCTHKEHHUSI Pe3yJIbTaTOB 00y4eHHs (MHANKATOPOB) 110 YPOBHAM

XapakTepuCcTHKA YPOBHEH TOCTHKEHUS Pe3Y/JIbTATOB 00yueHNsl (MHANKATOPOB)
Ne Conep:kanue ypoBHs HIkana oneHnBanus
n/n BbITNIOJIHEHUS] KPUTEPUSs Tpaguuuonnas KauecTBennas
OlleHUBAHHS Pe3yJIbTATOB XapaKTepPUCTHKA YPOBHS XapaKkTepucTu
o0y4eHHUs Ka YPOBHS
(BBINOJITHEHHOE OIEHOYHOE
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3aJaHue)

1. PesynbraTsl 00y4yeHus OtiinyHO 3auTeHo Bricokuii (B)
(MHIUKATOPbI) JOCTUTHYTHI B (80-100 6ammoB)
IOJIHOM 00beMeE, 3aMeUYaHUll HET

2. Pe3ynbrarel o0yueHus Xoportio Cpennuii (C)
(MHIUKATOPHI) B LIETIOM (60-79 Gannos)

AOCTUTHYThBI, UMCIOTCA 3aMCUYaHUs,
KOTOpBIE€ HE TPEOYIOT
00513aTeNIbHOTO YCTPAHEHUsI

3. PesynbraTsl 00y4yeHus Y 10BIETBOPUTEIILHO [Toporossrii (IT)
(MHIMKATOpPbI) TOCTUTHYTHI HE B (40-59 6annoB)
IIOJIHOM Mepe, €CTh 3aMeYaHmst

4. OcBoeHue pe3ynbTaToB 00yUeHUS HeynosnerBopurens He HenocraTounsrit
HE COOTBETCTBYET MHAMKATOPaM, HO 3a4YTEHO (H)

HMMEIOTCS CyIIeCTBeHHbIC OMMOKU U | (MeHee 40 6aioB)
3aMeuaHusi, TpedyeTcs 1opadoTKa

5. Pe3ynbrar 00yueHus: He JOCTUTHYT, HenocrarouHno cBuaeTENHCTB Her pe3ynbTaTa
3a/IaHH€ HE BBIIIOJIHEHO JUIsl OLICHUBAHUS

5. COJEP)KAHUE KOHTPOJIbHO-OIEHOYHBIX MEPONPHUSITUI MO
TUCIATITAHE MOTYJISI

5.1. Onucanue ayaIUTOPHBIX KOHTPOJbHO-OLEHOYHBIX MEPONPHUATHI MO JAMCHUILINHE
MoOaYyJIs

5.1.1. IIpakTHYecKkne/ceMUHAPCKHE 3AHATHSA
[IpuMepHBI ITIEpeyeHb TEM
1. Yyactue B koH(epeHIIH
. YCTaHOBJIEHNE COLMAIIBHBIX CBA3EH
. O0yudenue u uccinegoBaHue
. Hayunple nmyOnukaruu
. Pe3tome crarbu

2

3

4

5

6. O¢unmanbHO-/1€70Bast IepenrcKa

7. SI3BIK KaK CPEJCTBO MEXKYJIBTYPHOTO OOIIECHHUS.

8. OO11ee 1 pa3IMyHOE B HALIMOHAJIBHBIX KYJIbTYpax.

9. Undopmanmonnsie TexHojoruu 21 Beka.

10. I'mo6anpHbIe MTPOOIEMBI UETIOBEUECTBA U IMMyTH UX PELICHHS.
[IpumepHbIe 3ananus

ComnocraBbTe 1o13aronoBku A-F ¢ paznenamu pe3tomMe, 0JIMH M013ar0JIOBOK JIMITHUNA

Curriculum vitae

(1)

Name: Maria Quintana

Address: Avda Seneca, 5. Madrid 28040
Telephone: 00 34 91 5435201

Email: mquintana0782(@telefonica.net
Date of birth: 28/07/82

2)
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2006 Online diploma in web-based technology for business, www.elearnbusiness.com

2005 Course in web design at the Cybernetics College, London: HTML, Java and Macromedia
Dreamweaver

2004 Course in computer hardware and networking at the Cybernetics College. London

1999-2004 Degree in Computer Science and Engineering, University of Madrid

3)

January 2006 - present

Part-time Webmaster at www keo.es; responsible for updating the site and using Adobe Flash to
create animations

May 2005 - December 2006

IT consultant at Media Market, specializing in e-commerce and IT strategies

@____

Knowledge of multiple computer platforms (Windows, Mac and Linux); strong database skills
(including the popular open source MySQL database); complete understanding of graphics formats
and Cascading Style Sheets

) .

Social and organizational skills

Good communication skills

Languages

Spanish mother tongue; English (Cambridge CAE); Arabic (fluent)

(A) IT skills

(B) Hobbies and Interests
(C) Education and Training
(D) Work experience

(E) Personal information
(F) Personal skills

1E 2C 3D 4A 5F
Read the article and tick (v) A, B, or C.

THE SCIENCE OF PERSUASION

A

Persuasion is key to business and to much more besides. In many walks of life and in many
situations, persuading people to do what you want them to do is the key to success. Is persuasion a
science with rules that can be taught and learnt, or is it simply a matter of instinct and personal
experience? Researchers have looked into different aspects of persuasion and come up with some
interesting results.

B

One advertising copywriter, for example, came up with an approach to selling a product on a TV
shopping channel via phone sales that differed from the norm for such advertising. Instead of being
instructed: ‘Operators are waiting, please call now’, viewers were told ‘If operators are busy, please
call again’. This might appear to have been a risky tactic — putting potential buyers off by suggesting
that they would have to waste their time calling repeatedly until they finally got through to someone to
take their order. But the results were extraordinary and an unprecedented number of sales resulted.
The advert suggested that instead of there being lots of operators sitting there and hoping people
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would call, there were so many people who wanted the product that people might have to wait until
they could get it. This showed just how desirable the product was. Potential customers decided that if
so many other people wanted it, they definitely wanted it, too.

C

What role does choice have in persuading people to buy or get something? One study looked at the
choices employees made when offered different retirement programmes. This showed that the more
choices people were given, the less likely they were to choose anything at all. Another study in a
supermarket revealed a similar effect of choice. A particular supermarket displayed either 6 or 24
different kinds of jam. When there were 24 jams to choose from, 3% of customers went to the display
and bought one of the jams. When there were 6 jams on display, 30% of customers did so.

D

To what extent can fear play a part in persuasion? One experiment involved public health leaflets
on the dangers of tetanus infection. Some of the leaflets consisted almost entirely of frightening
images of infected people, with a bit of information about infection, while some contained no images
at all, only information about infection. Some included information on where people should go to get
tetanus injections to protect themselves, while others only gave this information and nothing else. The
outcome was that the greatest number of people who went for injections were those who had been
given the leaflet with both frightening images and instructions on where to go for injections. People
who had been given the leaflets dealing only with infection did nothing. The conclusion was that fear
paralyses people if no solution is offered, but if people are frightened and offered a solution they are
motivated to take action.

E

Research has also looked into the issue of restaurants persuading people who have booked to let
them know if they are not going to turn up. This shows that getting people to promise to do something
makes them more likely to do it than simply asking them to do it. If the restaurant asks people to call if
they can’t make it, 30% of them simply don’t turn up and don’t tell the restaurant. If, however, the
restaurant asks them to call if they have to cancel and they reply that they will do so, only 10% fail to
notify the restaurant in advance that they will not be coming.

F

Another aspect of persuasion concerns getting someone to change their mind. Everyone knows
how hard this can be. It’s hard to prove to someone that a previous decision was wrong, and as people
get older they get less and less willing to change their minds. This is because people want things to be
consistent; they want their attitudes, statements, values and actions to follow a set pattern. The only
way to persuade them to change is to acknowledge this by agreeing that the previous decision they
made was a perfectly understandable one. This allows them to focus on your suggestion without
feeling that their previous decision was wrong in any way. As a result, they may be persuaded to break
out of their established pattern without feeling uncomfortable about doing so.

1 In section A, the writer raises the question of whether or not

A business is different from other walks of life with regard to persuasion

B persuasion is as important as people say it is

C itis possible to generalize about how persuasion works

2 The writer says that the instruction mentioned in section B

A sounds like a bad idea

B was given by mistake

C was necessary in the circumstances

3 How did some people react to the instruction mentioned in section B?

13



A Many of them bought more than one of the product.

B Their interest in the product increased.

C They bought something they didn’t want.

4 In both of the studies mentioned in section C,

A some of the choices proved more attractive than others

B the number of choices affected what people did

C only a few people selected any of the choices

5 What is said about the leaflets mentioned in section D?

A Some of them contained images that were not frightening.
B Some of them contained images and information.

C Some of them contained only images.

6 What did the experiment described in section D show?

A Fear alone can prevent people from taking action.

B Fear always causes people to take action.

C Fear persuades people to take action more than information does.

7 The research described in section E involved

A asking people to do different things

B making the same request more than once

C people agreeing to a request

8 In section F, the writer says that trying to persuade people to change their minds can
A take longer with some people than with others

B seem like a challenge to ordinary behaviour

C fail for reasons that do not seem logical

9 The writer advises in section F that you should not

A discuss the other person’s attitude in general

B make your suggestion too strongly

C criticize a previous decision

10 The writer’s purpose in the article as a whole is to

A discuss a number of different forms of persuasion

B advise the reader on how to get better at persuasion

C compare the results of various research into persuasion

2 In which section of the article (A—F) are the following mentioned?

1 the effect of too much thinking being required

2 the number of people who don’t take a certain action

3 the importance of telling people how to deal with a problem

4 the possibility that being good at persuasion is a natural skill that some people have
5 the way that people are usually invited to do something

Key: 1) IC2A 3B 4B 5B 6A 7C 8B 9C 10A 2) 1IC2E 3D 4A 5B

Underline the correct word.
Example: It’s the summer holidays, so I’ve got time on my hands / head.
1 I’ve lost my job, so for a few months we’ll have to get by / back on my wife’s salary.
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2 The door made a mumble / click when it closed.

3 The troops captured / withdrew more than 500 enemy soldiers.

4 Each guard standing outside of the building held a machine cannon / gun and stood very still and
straight.

5 I don’t like modern art, but I quite like abstract / still paintings

6 Could you please take some money outside / out of my wallet and go to the shop for some
teabags?

7 There’s no harm in telling a grey / white lie every now and again.

8 Our dog always roars / barks furiously at anyone who walks past the gate.

9 Look, here’s some chopped / sliced bread. Let’s make sandwiches.

10 For dessert, I plan to serve ice cream with melted / poached chocolate on top.

Key

1 by

2 click

3 captured

4 gun

5 abstract

6 out

7 white

8 barks

9 sliced

10 melted

Complete the sentences with the correct word(s).

Example: I’ve started running every day because I want to enter the London marathon.
owing because due to

1 You’ve got such a bad cold — you really need to look after

you yourself one

2 The villagers have left the area because they had difficulty growing food.
are thought may understood to

3 We'’re find a petrol station soon. We’ve been driving for three hours.

sure must bound to

4 Not until I’ve saved enough money leave home and try to find my own flat.
Iwill willl T’1l

5 As I'was , if we can borrow a DVD player, we’ll be able to watch the film.
saying said to say

6 Please let me ! I'm sure you have more work to do than I have.

to help helping help

7 It looks Myron has finally learned to play the violin.

asif that though

8 We would rather on holiday in August, but we had to wait until September. In the end,

we had a great time.
our have gone that we go
9 I need is four extra hours in the day.
What 1It’s The reason
10 I don’t really like loud music, but Stephen
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doesn’t 1s does

111t’s more difficult to find a good job these days.
more than more and the
12 Could you wash these cups, please?

coffee’s coffee coffee of

Key

1 by

2 click

3 captured
4 gun

5 abstract
6 out

7 white

8 barks

9 sliced
10 melted
LMS-natdopma — He perycMOTpeHa

5.2. Onmucanue BHeAayIUTOPHBIX KOHTPOJbLHO-OIEHOYHBIX MEPONPHUATHH M CpPeACTB

TeKYIIero KOHTPOJIsI 0 TUCHHILIAHE MOXYJIst
PaznoypoBHeBoe (quddepeHInpoBaHHOE) 00YUCHHE.
ba3zoBblii

5.2.1. KonrpoJbHas padora Ne 1

[TpuMmepHbIil IEpEeUEeHb TEM

1. SI3BIK KaK CPECTBO MEKKYIbTYPHOTO OOIICHHS.

[IpumepHbIe 3ananus

Complete the sentences with the correct form of the verb in brackets.

Example: If I’d been watching (be watching) the game properly, I would have seen Sven
score the goal.

1 How long you and Stan (be going out)?

2 Darren (have to) work late last Friday night.

3 I was watching TV when the telephone (ring).

4 We (not used to) see many people at this beach, but now it’s very crowded.

5Tt (be) announced by a company spokesman that the new factory will not open
until next year.

6 Could you get someone (help) us with some work in the office?

7 1 wish that [ (not give) Peter my phone number.

8 I’d rather you (wait) here for Jan to come back.

9 1 would (plan) a party if I had known it was your birthday.

10 You wouldn’t be in a rush now if you (wake up) earlier this morning.

11 Did you see some kids (play) football in the park yesterday afternoon?
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12 You seem (be) working really hard lately. Don’t you think you should have a
holiday?

13 I started listening to this kind of music while I (live) in Cambodia.

14 1 felt really angry when I (see) the email that Ruth had sent.

Key

1 have...been going out
2 had to

3 rang

4 didn't use to

5 has been / was

6 to help

7 hadn't given

8 waited

9 have planned

10 'd / had woken up

11 playing

12 to be / to have been
13 was living

14 saw
LMS-mnatdopma — He mperycMOTpeHa

5.2.2. KouTpoabHas pabora Ne 2
[IpuMepHBIii IepeyeHs TEM
1. SI3BIK KaK CPeACTBO MEXKKYJIbTYPHOTO OOILICHHS.
2. Uadopmanmonnsie TexHomoruu 21 Bexa.
[IpumepHsbIe 3a1aHus
[Iponomxure quanor. Beibepure nanbonee nmoaxoasamuii Bapuant A, B wm C.

1. What did you think of that article?
A I forgot to bring it.

B It isn’t mine.

C I enjoyed it

2. This is my colleague Richard.
A That was nice of him.

B Pleased to meet you.

C I think you should.

3. Would you like a cup of tea?
A Yes, I’d love to, thanks.

B It was cold.

C I like it a lot.

4. Where do you prefer to sit?
A Is it on this side?

17



B Yes, I think we should.
C Near the window, please.

5. Suzy doesn’t like her new job.
A That’s a shame.

B No, it isn’t.

C Oh, I do!

Key: 1C 2B 3A 4C 5A

[IpouwnrTaii Tekct, orBerbTe TRUE (npaBna) nunu FALSE (J105b).

An algorithm is an explicit, precise, unambiguous, mechanically-executable sequence of
elementary instructions. The word “algorithm” does not derive, as algorithmophobic classicists
might guess, from the Greek roots arithmos (ap1Opog), meaning “number”, and algos (aAyog),
meaning “pain”. Rather, it is a corruption of the name of the 9th century Persian mathematician
Abu ’Abd Allah Muh ammad ibn Musa al-Khwarizm. Al-Khwarizm is perhaps best known as
the writer of the treatise Al-Kitab al-mukhtasar fihisab al-abr wa’l-mugabala, from which the
modern word algebra derives. In another treatise, al-Khwarizm popularized the modern decimal
system for writing and manipulating numbers—in particular, the use of a small circle or sift to
represent a missing quantity—which had originated in India several centuries earlier. This
system later became known in Europe as algorism, and its figures became known in English as
ciphers.

Thanks to the efforts of the medieval Italian mathematician Leonardo of Pisa, better known as
Fibonacci, algorism began to replace the abacus as the preferred system of commercial
calculation in Europe in the late 12th century. (Indeed, the word calculate derives from the Latin
word calculus, meaning “small rock”, referring to the stones on a counting board, or abacus.)
Ciphers became truly ubiquitous in Western Europe only after the French revolution 600 years
after Fibonacci. The more modern word algorithm is a false cognate with the Greek word
arithmos (ap1Buog), meaning ‘number’ (and perhaps the previously mentioned aiyoc). Thus,
until very recently, the word algorithm referred exclusively to pencil-and-paper methods for
numerical calculations. People trained in the reliable execution of these methods were called—
you guessed it—computers.

1 An algorithm is a sequence of elementary instructions.

2 The word “algorithm” comes from the combination of words “number” and “pain”.

3 The book about modern decimal system for writing and manipulating numbers was written
by Fibonacci.

4 In the late 12th century algorism got more popularity than the abacus as the preferred
system of commercial calculation.

5 The term "computers" first referred to people who were taught to work with numbers

ConocraBbTe TEPMUHBI U ONPEJEIICHUS

6) ALGORITHM
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7) NUMBER
8) ABACUS

9) FIGURE

10) DECIMAL SYSTEM

A the symbol for a number or an amount expressed in numbers

B a set of rules for solving mathematical problems

C a system of counting based on the number ten, with numbers from 0 to 9

D a symbol or word that represents an amount or quantity, e.g. ‘one’, ‘two’, ‘three’.

E a device used for counting and calculating by sliding small balls or beads along rods

Key: 1T 2F 3F 4T 5T 6B 7D 9E 9A 10C

LMS-mnaTdopma — He mperycCMOTpeHa

5.2.3. KouTpoabHas paGora Ne 3

[IpuMepHBIil nepeyeHs TeM

1. SI3BIK KaK CPECTBO MEXKKYJIBTYPHOIO OOIICHHUS.

[IpumepHbIe 3aaHUS

Choose the correct alternatives.

1 Don't you think it's about time you getting a job?

had been

were

would be

2 I wish raining. ml' sick of this bad weather.

it stops

it'd stopped

it'd stop

31 wishI there for you on your big day, but it's just not possible.
could be

had been

would be

4 If only you were coming! Then Icould have bought some extra food.
I'd know

1'd known

I knew

5 I'd rather you wear your shoes in the house. I've just washed the floors.
couldn't

don't

didn't

6 The other driver yelled at me as though the accident my fault!
had been

would be

would have been
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Key: 1 were 2 it'd stop 3 could be 4 I'd known 5 didn't 6 had been
1 Complete the sentences with the correct form of the verbs in brackets. Use would or could
whenever possible.

1 My regrets? Well, I wish I (listen) to my friends when they told me not to
go out with Roger.

2 I wish you (switch) that radio off. Why do we have to listen to football
commentaries all afternoon?

3 I wish Paul (stop) going on about his trip to Brazil. It’s all he ever talks
about.

4 Twishl (dance) a bit. I always find it embarrassing whenever I have to
dance.

5 Most of the students wish they (be) somewhere else right now.

6 Ifonlyl (buy) that dress. I want it more than anything, but it’s much too
expensive for me.

7 I'wishI (complain) about the terrible service, but my wife told me not to
bother. Frankly, I regret not doing so.

8 Ifonly it (not be) so late. I’d love to stay longer.

9 We wish we (meet) Joe while he was staying in London.

10 If only I (have) my guitar with me. I’d love to play you a tune.

Key:

1 had listened

2 would switch

3 would stop

4 could dance

5 were

6 could buy

7 had complained
8 wasn’t / weren’t
9 had met

10 had

LMS-nnardopma — He npeycMOTpeHa

5.2.4. KouTpoabHas padora Ne 4

[IpumepHbIil mEpedyeHb TEM

1. MexayHapoIHOE COTPYAHUYECTBO

2. YuacTue B KOH(pepeHInn

3. YcraHoBJIeHHE COLMATIBHBIX CBSA3EH

4. SI3BIK KaK CPECTBO MEKKYJIBTYPHOTO OOIICHUS.

[IpumepHsIe 3ananus

Complete each word. The first letter is given.

A: I'm going to one of those business networking events later and I'm dreading it.

B: Why? All you have to dois (1) e a few pleasantries with people. If you're lucky,
you might be able to pick someone's (2) b about the shop idea you've got.
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A: I know, that's why I'm going, but I'm useless at making (3) s talk. I try to (4)
m with other people, but I always seem to end up (5) h on the edge of a
conversation looking uncomfortable.

When the conversation ends and they look at me, prompting me to say something about
myself, my mind just goes (6) b

B: Look, it's not that hard. Go up to someone, introduce yourself and ask them what they do.
Then ask follow-up questions. It's the best (7) 1 8)b

People love talking about themselves.

A: Except me, apparently!

Key: 1 exchange 2 brain(s) 3 small 4 mingle 5 hovering 6 blank 7 ice 8 breaker

Complete the conversation using the prompts.

A: So, obviously I was shocked ... oh hi there, welcome.

B: Oh, 1 (not / mind). Please 2 (carry).

A: I was just telling everyone that this morning I emailed my boss about a client, but I sent it
to the client by mistake.

C:Hi, 3 (love / join / conversation).

B: Please do! We're swapping bad email stories. 4 (once / send /
email / client) from home. My cat had walked across the keyboard and typed all kinds of
rubbish!

D:5 (similar thing / happen / me), only it was my six-year-old
daughter. She thought it'd be funny to take a selfie and email it to someone. It was a potential
client...

Key:

1 don't mind me

2 (do) carry on

3 I'd love to join (in) this/the conversation

4 T once sent an email to a client

5 A similar thing happened to me

Complete the conversation with phrases a-f.

A: Hi, I'm Melika and I work at a small tech start-up here in the city. 1 ?
B: Not at all. We're just talking about a new idea.
A:Oh!'2 7

B: Actually, it's in the area of technology. 3
A: Please do! I'm happy to help if I can.

C: Sorry,4 . What did you say yours was again?
A: Melika. 5 ?

C: I'm Brad and this is Gael. 6 ?

A: I'm one of the speakers, actually. I'm talking later.

a I'm not very good with names

b What brings you to this conference
¢ Do you mind if I join you

d And you are

e I'd love to pick your brains.
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f Would you like me to leave you in peace

Key: 1c 2f 3e 4a 5d 6b
LMS-mmatdopma — He mperycMOTpeHa

5.2.5. lomamnss padora Ne 1
[IpuMepHBIii IepeyeHs TeM
1. OpunmanbHO-EI0Bas IEPETHUCKA
2. Pe3tome cratbu
3. Harncanne anHOTANIMA
[IpumepHbie 3a7aHUS
Write a formal email of complaint of between 220 and 260 words.
¢ Introduction: Explain why you are writing.
* Main paragraphs: Say what the complaint relates to and give the details politely.
* Summary paragraph: Restate your complaints briefly.
* Closing sentences: Ask for some action from the hotel.

You have decided to apply for a job to a local IT company. Write a covering email of between
220 and 260 words.

DRAFT your email.

» Write an introductory sentence to explain

why you are writing.

* Paragraph :1 Give personal information including skills and qualifications

* Paragraph 2: Talk about any relevant experience you have.

* Paragraph 3: Explain why you think you would be suitable for the job.

* Finish the email appropriately

LMS-nnatdopma — He mpegycMOTpeHa

5.2.6. lomamnss padora Ne 2

[IpuMepHBIii TIepeyeHs TeM

1. OOy4enue u uccieoBaHuE

2. YcTaHOBNIEHUE MOJIE3HBIX JIEJIOBBIX CBSI3€H M KOHTAKTOB

3. UckyccTBO BeieHUsI pe3eHTaluil

[IpumepHsbIe 3a1anus

Write a review of an app that you use. Think of an app and make notes on these things.
Decide if you would recommend it or not. (200 words)

* what the app does

 what it does well

 what it does less well

* cost

* case of use

 comparison to similar tools
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LMS-matdopma — He perycMOTpeHa

5.2.7. lomamnss padora Ne 3
[IpumepHBIil TEpeUYeHb TEM
1. Cempbs. Tpaguuuu. YKiaa Ku3HH.
2. Marasussl 1 IoKynku. Jlocyr.
3. OTapIX, pa3BieueHUs
4. IlyrewectBus. Typusm.
5. J1oM, )KAJUIIHBIE YCIOBHUS.
[IpumepHsbIe 3a1aHus

Write an engaging blog post about an irritating experience you have had (e.g. poor customer
service, rude passengers on transport). (200 words)

Think of an irritating experience and make notes about:

 what the experience was, where you were and why.

 what happened.

 what exactly irritated you and why.

* how you felt about it.

Plan your blog post. Decide what you will say in each part of the text:

Paragraph 1: description of the problem

Middle paragraphs: your experience of ti and how you reacted/felt

Final paragraph: your conclusion and/or advice to readers

LMS-mnatdopma — He perycMOTpeHa

5.2.8. lomamusisi padora Ne 4

[IpumepHbIil IEpedyeHb TEM

1. O01iee u pa3IMyHOE B HAIMOHAIBHBIX KYJIbTYpax.

2. I'nobanpHbIe MPOOIIEMBI YETIOBEYECTBA U ITyTH UX PELICHHUS.

3. O0pa3 Ku3HU COBPEMEHHOTr0 uenoBeka B Poccun u 3a pyodexom.

[IpumepHsIe 3ananus

You are going to write an article to post on the forum.

"Squatters who live in an unoccupied property should not be forced to leave it".

Plan the content. The article should have four or five paragraphs.

1 The introduction: Think about what the current situation si and what your opinion is.

2 The main paragraphs: Try to think of at least two clear reasons to support your opinion. You
could also include examples to back up your reasons.

3 The conclusion: Think of how to express your conclusion (a summary of your opinion).

Write 250-300 words, organized in four or five paragraphs (introduction, opinions and
reasons, conclusion).

Use a formal style (no contractions or colloquial expressions).

LMS-mnatdopma — He mperycMOTpeHa

5.2.9. IlepeBox MHOA3BIYHOM JUTEpaTYpPhI Ne 1
[IpuMepHBIil nepeyeHb TeM
1. Uctopust 1 COBpeMEHHOE COCTOSTHIE MAaTEeMaTHKH.
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2. JlocTHXKEeHHS U MIEPCIIEKTUBbI Pa3BUTH MAaTEMATUKN U MH(OOPMAIIMOHHBIX TEXHOJIOTH.

3. HoBUHKHM MaTeMaTH4YeCKHX MCCIeIOBAaHUN M UX 3HAYCHHUE B PAMKaX Pa3BUTHS
€CTEeCTBEHHBIX HAYK.

[IpumepHsbIe 3ananus

[IpounTaiiTe n NEPEBEAUTE CTATHIO.

Can Al Make Art More Human?

After nearly three decades of painting and creating art in Berlin, Roman Lipski was stuck in a
loop. An artist should always be re-inventing themself, adding new forms and techniques to tell
meaningful stories. He had spent years doing just that, developing his skills as a landscape
painter who told stories through architecture, nature, shadows and a monochromatic palette.

But his well had run dry.

What Lipski really wanted to do was bring abstraction and more color to his art. He’d try to
add new colors and shapes to his paintings, but none of it felt right. He feared the bold colors and
odd shapes would look tacky rather than professional and couldn’t figure out a way to break
from his old habits. At the same time, he couldn’t stand painting in the same style any longer.

“I was stuck in the moment, stuck in time,” Lipski said.

Then he received an invitation to teach at the Berlin University of Arts. It was there, in 2016,
that he met a data scientist by the name of Florian Dohmann who introduced him to artificial
intelligence and its ability to create new images thanks to style transfers. This technique involves
using deep learning to process illustrations, learn its design elements and then create new images
in a similar style.

Lipski always considered himself a traditional artist who didn’t rely on technology. But
learning about the way Al could make images piqued his interest. He couldn’t deny the fact that
we use tech every day to solve conundrums. Want to figure out how to remove a stain? Ask Siri.
Wondering what the fastest route is from the Brandenburg Gate to a chic Kreuzberg cafe? Check
Google Maps.

So, he thought, why not use it for his own art?

Working with Dohmann, Lipski created nine paintings of the same image — a winding
hillside street bathed in streetlights and surrounded by shadowed trees — each with different
colors and elements. At first, he thought it would come up with a perfect evolution of his own
art. Instead, the abstract images the robot produced showed him a new way forward.

“It was the solution,” Lipski said. “The way to stop my crisis was so simple. I just had to put
the red, the green, the yellow in the right positions. The machine helped me to see the elements.”
Lipski’s journey reflects a growing trend of artists turning to Al to create art. The trend has
coincided with increased accessibility of Al tools and open-source software. But it wasn’t until
art auction house Christie’s became the first to sell an Al generated painting for $432,500 that it

captured international attention.
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On the surface, this can seem like a troubling trend of automating a classically human pursuit.
But painting and art is also a way of capturing a moment in time, and it’s impossible to ignore
the role machine learning plays in our lives today and will play in the future.

Technology has also always been a part of painting, from the invention of oil paints to paint
tubes to cameras that capture images that the artist can paint from. Each innovation has expanded
the possibilities and questions art can explore.

In that same tradition, artists using Al are able to delve deeper into how the human mind
works, and in so doing, make the black box feel a little less alien.

https://builtin.com/artificial-intelligence/Al-art
LMS-mnatdopma — He mpeycMOTpeHa

5.2.10. IlepeBoa NHOSI3BIYHOM JUTEPATYPBI Ne 2

[IpuMepHBIii IepeyeHs TeM

1. Uctopust 1 cCOBpeMEHHOE COCTOSTHIE MAaTEeMaTHKH.

2. JloCTHXEeHHS U TIEPCTIEKTUBEI Pa3BUTHSI MaTEMAaTUKN U HHOOPMAIIHOHHBIX TEXHOJIOTHIA.

3. HoBuMHKM MaTeMaTUYECKUX MCCIIEA0BAaHNUN U UX 3HAYEHUE B paMKaX pa3BUTHS
€CTECTBEHHBIX HAYK.

[TpumepHBbIe 3a1aHus

IIpounTaiite U nepeBeaUTEe CTATHIO.

Artificial intelligence is helping scientists decode animal languages

A Google translate for rodents and whales doesn't exist yet, but researchers are working on it.

In the Pixar movie Up, a cartoon dog called Dug sports a magical collar of sorts that can
translate his barks and whines into fluent human speech. Elsewhere in the real world, very well-
trained dogs can be taught to press buttons that produce human speech for simple commands like
“outside,” “walk,” and “play.” Humans have always been fascinated by the potential to
communicate with the animals that they share the world with, and recently, machine learning,
with its ever more advanced capabilities for parsing human speech, has presented itself as a
hopeful route to animal translation.

An article in the New York Times this week documented major efforts from five groups of
researchers that looked at using machine-learning algorithms to analyze the calls of rodents,
lemurs, whales, chickens, pigs, bats, cats, and more.

Typically, artificial intelligence systems learn through training with labeled data (which can
be supplied by the internet, or resources like e-books). For human language models, this usually
involves giving computers a sentence, blocking out certain words, and asking the program to fill
in the blanks. There are also more creative strategies now that want to match up speech to brain
activity.

But analyzing animal language is a different beast from just analyzing human language.
Computer scientists have to instruct software programs on what to look for, and how to organize
the data. This process, for the most part, depends not only on accruing a good number of vocal
recordings, but also on matching these vocal recordings with the visual social behaviors of
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animals. A group studying Egyptian fruit bats, for example, also used video cameras to record
the bats themselves to provide context for the calls. And the group that’s studying whales plans
to use video, audio, as well as tags that can record animal movements to decipher the syntax,
semantics, and ultimately the meaning behind what whales are communicating and why. Of
course, several groups have also proposed testing their animal dictionaries by playing recordings
back to animals and seeing how they react.

Making a Google Translate for animals has been an aspirational project that’s been in the
works for the better half of the last decade. Machine learning, too, has come far in terms of
detecting the presence of animals and even in some cases, accurately identifying animals by call.
(Cornell’s Merlin app is shockingly accurate at matching bird species to their calls.) And
although this type of software has shown some success in identifying the basic vocabulary of
certain animals from the characteristics of their vocalizations (ie. frequency or loudness) as well
as attributing calls to individuals, it’s still a far cry from understanding all the intricate nuances
of what animal language might encapsulate.

[Related: With new tags, researchers can track sharks into the inky depths of the ocean’s
Twilight Zone]

Many skeptics of this approach note both the shortcomings of current Al language models in
being able to truly understand the relationships between words and the objects they may refer to
in the real world, and the shortcomings in scientists’ understanding of animal societies at large.
Artificial-intelligence language models for humans rely on a computer mapping out the
relationship between words and the contexts they could appear in (where they might go in a
sentence, and what they might refer to). But these models have their own flaws, and can
sometimes be a black box—researchers know what goes in and comes out, but don’t quite
understand how the algorithm is arriving at the conclusion.

Another factor that researchers are taking into account is the fact that animal communications
might not work at all like human communications, and the tendency to anthropomorphize them
could be skewing the results. There might be unique elements to animal language due to
physiological and behavioral differences.

To this end of not being able to know the data parameters ahead of time, there are proposals
for using self-supervised learning algorithms to analyze audio data, according to a report earlier
this year in the Wall Street Journal, in which the computer tells the researchers what patterns it’s
seeing in the data—patterns that might unveil connections that are missed by the human eye.
Ultimately, how far humans go down the rabbithole of trying to understand animal
communications depends on human goals for this type of research, and for that purpose it may be
enough to get a handle on the basics. For example, a translator that can reliably interpret whether
animals that we’re often in close contact with are happy, sad, or in danger could be both useful
and more practical to create.

https://www.popsci.com/technology/artificial-intelligence-animal-language/

LMS-mnatdopma — He mpeaycMOTpeHa
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5.2.11. IlepeBoa MHOSI3BIYHOM JaUTEpPaTyphI Ne 3

[IpuMepHBIii IepeyeHs TeEM

1. UcTopust 1 COBpEMEHHOE COCTOSIHME MAaTEMATHKHU.

2. JloCTHXEeHHS U TIEPCTIEKTUBEI Pa3BUTHSI MaTEMAaTUKN U HHOOPMAIIIOHHBIX TEXHOJIOTHIA.

3. HoBHHKM MaTE€MaTUYECKHUX UCCIIEIOBAHUN U NX 3HAaYEHUE B paMKaX Pa3BUTHS
€CTECTBCHHBIX HayK.

[TpumepHBbIe 3a1aHusA

IIpounTaiite U nepeBeaUTE CTATHIO.

Patterns and structures

"A mathematician, like a painter or a poet, is a maker of patterns. If his patterns are more
permanent than theirs, it is because they are made with ideas." This much quoted line is from
British mathematician G. H. Hardy's famous book, A mathematician's apology, written in 1940.
And any mathematician, from the ancient Greeks to those working today, would agree.

Patterns and structures are fundamental to mathematics. They allow mathematicians to spot
when something interesting is going on, to identify the core of a problem and to generalise from
a specific example to a more general understanding.

Spotting patterns
Can you spot the pattern in this list of numbers?

1,1,2,3,5,8, 13,21, 34, 55, ...

This is one of the most famous patterns in mathematics: the Fibonacci sequence. It was
spotted by Leonardo Pisano, now better known as Fibonacci, in his book Liber Abaci in the
thirteenth century. One of the problems he investigated in his book was how fast rabbits could
breed in ideal circumstances.

Suppose a newly-born pair of rabbits, one male, one female, are put in a field. Rabbits are
able to mate at the age of one month so that at the end of its second month a female can produce
another pair of rabbits. Suppose that our rabbits never die and that the female always produces
one new pair (one male, one female) every month from the second month on. The puzzle that
Fibonacci posed was... How many pairs will there be in one year?

At the end of the first month, they mate, but there is still only 1 pair.

At the end of the second month the female produces a new pair, so now there are 2 pairs of
rabbits.

At the end of the third month, the original female produces a second pair, making 3 pairs in
all.

At the end of the fourth month, the original female has produced yet another new pair, the
female born two months ago produced her first pair also, making 5 pairs.

Fibonacci quickly realised a pattern was emerging: the number of adult pairs in a given month
was the total number of rabbits (both adults and babies) in the previous month
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Adultsnth month = Rabbits(n-1)th month

and the number of baby pairs in a given month was the number of adult pairs in the previous
month

Babiesnth month = Adults(n-1)th month = Rabbits(n-2)th month ,

so the total number of pairs of rabbits in a particular month was the sum of the total pairs of
rabbits in the previous two months:

Rabbitsnth month = Adultsnth month + Babiesnth month = Rabbits(n-1)th month +
Rabbits(n-2)th month.

By spotting this pattern Fibonacci could quickly calculate the answer to his question: after a
year there would be 144 pairs of rabbits. Indeed Fibonacci's pattern has emerged in a huge
number of places both mathematical and natural — you can find out much more in our article The
life and numbers of Fibonacci.

Often spotting a pattern in a problem is the first step to understanding the underlying structure
involved. And here lies the strength of mathematics: the same mathematical structures can
appear in wildly different settings. One common mathematical structure, called a group, arises in
almost every area of maths. In the 19th century people were separately studying the symmetry of
shapes, trying to solve quintic equations (an equation involving a variable x, where the highest
power of x is x5), and investigating a deeper understanding of arithmetic. The same structure
emerged in all these settings, and has since appeared everywhere from crystallography in
chemistry to encoding data on CDs and hard drives.

Group theory is a very well understood area of mathematics and a subject of ongoing
research. By identifying this underlying structure in each of these settings, the powerful
mathematical machinery that has been developed to understand groups in one setting, can be
used to better understand another setting. (You can read more in our package on group theory
package.) Revealing the underlying mathematical structure is like the story of the emperor
stepping out in his new, non-existent, clothes, it reveals that all these settings are actually
examples of the same thing.

Patterns of meaning

People love to spot patterns, it is something that we are intuitively good at. But this
sometimes can lead us up the garden path, particularly as we will try to find patterns in anything,
even in the random digits of the number w, which will contain each and every pattern of numbers
that you could ever think of.

A similarly fruitless search might be in searching for a pattern within the prime numbers.
Prime numbers, those whole numbers whose only factors are 1 and themselves, are the building
blocks of the numbers. Any whole number can be uniquely written as a product of prime
numbers. Mathematicians have been fascinated by the prime numbers for thousands of years, but
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they still contain many mysteries. There are infinitely many of them, but there is no discernable
pattern for how they are sprinkled throughout the other numbers. They can be close together (in
fact it is believed there are infinitely many pairs of prime numbers which differ by just 2, these
twin primes are as close together as primes can be) or there can be very far apart (in fact there
are arbitrarily long gaps between prime numbers).

Finding a pattern in the primes seemed hopeless. They seemed to be scattered randomly along
the number line. But a 14-year-old German boy called Carl Friedrich Gauss had a brilliant idea:
instead of asking where the primes were, instead ask how many numbers are prime. By asking a
slightly different question, Gauss was able to come up with his first estimate: that the number of
prime numbers below some number N was about N/In(N) (where In(N) is called the natural
logarithm of N). This first estimate was good, but Gauss's next estimate was even better, and it
worked no matter how far along the number line you looked. (You can read more about primes
and Gauss's estimate in The prime number lottery.)

Gauss's idea of counting the primes eventually lead to what is perhaps the hardest open
problem in mathematics: the Riemann hypothesis, named after the 19th century mathematician
Bernhard Riemann. The mathematics is complex, but essentially in trying to construct an
accurate count of the prime numbers, Riemann spotted a pattern in their distribution. (You can
read more about the Riemann hypothesis in The music of the primes.) A proof of the Riemann
hypothesis would reveal much about the ebb and flow of primes on the number line. Just another
example of the power of patterns in mathematics.

https://plus.maths.org/content/patterns-and-structures
LMS-nnatdopma — He mpeaycMOTpeHa

5.2.12. llepeBoa HHOSI3BIYHOI JTUTEpPaTyphI Ne 4

[IpumepHbIil IEpedYeHb TEM

1. McTopust 1 COBPEMEHHOE COCTOSIHUE MaTEMATHKHU.

2. JlocTUXEeHU U MEePCIEKTUBbI pa3BUTHSI MaTEMATUKU U UH()OPMALIMOHHBIX TEXHOJIOTHIA.

3. HoBMHKM MaTeMaTHYECKUX UCCIIEI0OBAaHUI U UX 3HAYEHUE B PaMKaxX pa3BUTUS
€CTECTBEHHBIX HayK.

IIpumepHsIe 3ananus

[Ipounraiite u epeBeUTE CTATHIO.

Q&A: For UST’s CTO, Al is ‘a necessary evil’

Niranjan Ramsunder, CTO of UST, has been learning how generative Al can create
efficiencies and reduce costs for the IT services firm’s clients, while at the same time navigating
the technology’s considerable risks.

UST is a digital transformation services company with more than 35,000 employees around
the globe. The company's services run the gamut of IT, from cybersecurity and data analytics to
supply-chain management and next-gen cloud infractructure, and its clients run across seven
vertical industries.
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Like every other company, UST has had to deal with a dramatically different workplace
compared to what existed prior to the onset of COVID-19. It has moved from fully remote at the
beginning of pandemic to requiring IT employees to be in the office two to three days a week.

The company is also in the midst of creating a more flexible, blended workforce to meet its
own and customers’ needs more effectively. UST’s Open Talent strategy leverages the freelancer
talent ecosystem. Its I'T team has also had to adjust to the fact that technology automation is here
to stay and will only continue to grow.

[ Keep up on the latest thought leadership, insights, how-to, and analysis on IT through
Computerworld’s newsletters. |

Part of that automation includes generative Al technologies such as ChatGPT, which can
perform myriad business tasks, from uncovering software defects and data mapping to
automating supplier invoices.

UST's clients have also become more conscious of costs at a time when global economic
security is in question and economists continue to warn of a possible impending recession.

naranjan ramsunder headshot

USTUST CTO Niranjan Ramsunder

UST CTO Niranjan Ramsunder joined the California-based company in 2006 as a technical
solutions manager. Since that time, he’s also held roles as UST’s director of technical solutions
and global head of solutions before being named CTO in 2019.

Since becoming the CTO, Ramsunder has been focused on data, Al, and how to identify client
problems — what he calls "the left side" of the service role, or discovering for the customer why
they’re in the fix they’re in.

Ramsunder spoke to Computerworld about the technology industry and the future of work, IT
project costs and challenges, IT culture and trends, how generative Al will change the way
technology problems get solved, and how the IT workforce can prepare for the future.

The following are excerpts from that interview, lightly edited for clarity.

How has your role as CTO changed over time? "My role has been to push that envelope to the
left — getting to the problem. Why do we have that problem in the first place? For example, we
had one customer who was using Al to do reporting for analysis. We realized very quickly they
couldn’t state what wanted to do in terms of the number of critical data they were analyzing.
Then we ended up very quickly with a new build on AWS Cloud. Sometimes problems and
solutions have to go together in terms of what can be solved. What technology choices are they
making? Is it cost effective?"

Al has become a kind of necessary evil. Without it, we can’t survive. With it, there are too
many risks.
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What are the biggest IT trends? "Obviously, everybody is looking at ChatGPT. Generative Al
is showing up everywhere. Normally, I’'m hesitant to jump on the buzzwords because they really
don’t translate to business very quickly.

"Seven or eight years back, we had a buzzword for moving to the cloud. One of the first jobs
we had with that was with a company called G4S, which delivers cash to ATMs with trucks. The
trucks needed to get updates on where to go next for the day. They had a device that got updated
at the center where they collect the cash and then distribute it. They wanted to use Azure. That
project really suffered because Azure was not mature yet. It was 2010 or 2011. So, the cloud was
more of a buzzword. Now cloud is taken for granted.

"There’s a lot of discussion about... blockchains. But none of them translated into business.
Right now, generative Al and large language models [LLMs] is definitely a place where we find
the buzz and the reality are matching. So, that’s the number one trend in my mind for customers.

"The number two trend is a constant focus on costs. Particularly because of the expected
recession from an economy point of view. From a client point of view, they’re all very
conscience about spending cash. They’ll only spend cash if they’re able to see results in three to
nine months — no longer than that. Every dollar they spend, they want to see it result in
something valuable. Our client jobs are linked to that: spend and results.

"Those are the two trends that inform everything we do. How do we talk to the customers?
How do we get funding for those projects?"

How do you see Al affecting the workplace of the future? "The reality is, for companies like
us — people who work with customers to find solutions for them — we’re finding Al has
become a kind of necessary evil. Without it, we can’t survive. With it, there are too many risks.

"For example, Al may give you a wrong conclusion; it may be biased in its conclusions; it
may give you things you’re not able to track and audit backwards very clearly. At the same time,
not using it puts you in a hole, because you’re not that productive compared to someone else
using it.

"So, the use of Al is getting more targeted toward [specific use] areas where there is less
confusion about hallucinations and wrong decisions, but more about, 'Can it improve
productivity with less risk?"

How do you see Al affecting jobs? Will it eliminate more than it creates, and what jobs do
you see going away or being created? "That’s a question that bothers all of us. It’s a very
subjective answer. From my point of view, I believe we at UST are focused on providing
solutions for customers, and so Al will create more jobs there.

"[On the other hand], the overall number jobs will I think reduce by, say, 20% or 10%. At the
same time, the kinds of jobs coming to the marketplace [becase of Al] will not be the same. And
not all jobs are going to go through this crush. Knowledge jobs — white-collar positions — that
kind of work is going [to be reduced].
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"One fundamental change, though, is the skill level that we have today will change. The kinds
of jobs going away and the kinds of jobs coming in are definitely not the same. You may not
[need to] be an expert in Al to use Al today, but when you get into the next level of the job
change, you need to understand the implications of it. You have to understand, "What can I do
with Al that I cannot do today without it?'

"So, for example, if you’re someone [managing] invoices and making sure payments are
being made correctly to a supplier, you're going to have to change the way you look at your
work. You cannot be [manually] looking at matching invoices and paying suppliers. You can
look at Al and say, 'Can I get some ideas on which [invoice] to look for first?' That thinking then
will drive the way they act and what their jobs look like."

How important a skill is generative Al prompt engineering to yours and other orgs? "I think
prompt engineering is the key to using Al well. The way that it’s designed and the way it’s
tracked is where the success or failure of whole area is going to be. That's absolutely crucial.

"If you look at the kinds of jobs I want to prepare my child for today, I would say go for
prompt engineering. The model’s deployed on hardware. What are the most efficient ways of
doing it? Those are the two areas you’re going to find the most opportunity to save money and
make money for an organization.

"So, when looking at jobs for [which high school students should prepare], I’d say look for
understanding the implications of cost while working with Al. And look for the costs of prompt
engineering, hardware engineering. They all link to the same problem: how can I use Al in a way
that’s cost effective, gives me quick results, but doesn’t take me in the wrong direction?

"That’s where all of them are tending to go toward. Effective use of AL"

I understand tailoring some of these LLMs for specific business use can be very expensive —
even cost millions of dollars. Have you tailored an LLM for use at UST? What was your
experience? "Yeah, we’ve been doing a lot of work with Al over the last seven or eight months,
ever since OpenAl released ChatGPT and it became much more visible.

"To answer your question, yes, we’re using it for problems like if I want to generate a test
score to test my software. I can do that automatically. I can look for security violations in my
code. I can do it with ChatGPT frameworks — large language models. Instead of going through
every line of code to find defects, I can run it through this program. Again, the risk of not getting
it right is not as much as the risk of not doing it.

"Also, more mapping activities — for example, when you have data mapping activities
between your source system and target for analysis. That process [normally] takes a lot of
people. When data flows in large volumes, you get too many errors if it’s not done well. That
process can be automated with Al
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"So, a lot of this work is where we’re spending a lot of our time in terms of using Al for
productive work and reducing errors in other work. That’s really where the opportunity is. Can I
be more accurate? Can I be faster? And at the same time, can it be cheaper than doing it any
other way?"

Needing to learn [new skills] used to be a requirement for the ambitious, but now even to
survive you’ll have to have that future-proofing mindset for your skillset.

Who’s going to take on the task of prompt engineering — IT workers or business-side
workers? "The easy answer is both. But you need to appreciate what prompt engineering does.
What kind of prompts make sense? You need to have domain knowledge but also need to have
an IT framework in your mindset to understand how Al works.

"Managing Al better in terms of your prompt engineering, managing the way an Al model is
built, has got to be with an IT sensitive, knowledgeable person looking at the domain capability.
You can hardly do any work today without IT. You cannot understand how automation works
without IT. So I would say get a domain person, train them on Al. But you need both, and they
need to be trained specifically on this."

How have you adapted to hybrid work within IT? "That’s been one of the big challenges,
because with COVID people expected to work from wherever they were. Then after two years,
suddenly COVID went away somewhat. Now, we want the workers to come back to the office,
but the genie is out of bottle. We’re finding it very difficult to push it back into the bottle.

"And people are either leaving or they’re dissatisfied or they’re not productive. There are
many things that are not unique to the way different societies operate. At the same time, a lot of
people hate the commute... and spending time that’s not productive.

"The other side to that is why we want people to come back. We cannot collaborate. In spite
of all the collaboration technologies we have, if [ was meeting you face to face, I’'m sure our
interaction would be 10 times better because you can see things. You can look at body language,
and how someone is thinking even when they’re not speaking.

"So, we’re finding there’s a mix between some people who do well in a hybrid [or remote]
environment... and then some jobs where there’s more collaborative work needed — working
with customers, working with larger teams. We find it makes sense to have face-to-face
interactions there.

"What we’re trying to mandate is at least two or three days a week in the office when people
work together and then have time on your own to do stuff. Because meetings are not the only
thing you do at work — a lot of what you do is thinking, cohering things into something
meaningful. Those things can be done in your own comfort zone; if it’s the office, it’s the office.
If it’s home, it’s home. So we’re looking at a truly hybrid environment with a mix of flexibility
and some days in the office."

How has IT culture changed over the past three years? "What has become more and more
clear to me is automation is here to stay — even in our work. For example, a lot of the work we
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were doing before was manual. Manually configuring things, setting up things, mapping things
to each other, creating an environment. A lot of that is getting automated.

"So, we’re as much in the same revolution as our customers are in. That is disrupting the way
we imagine our jobs, imagine the people we work with, the way we interact. Everything is
changing fundamentally. Our children will definitely live in a different world than we live in."

What IT skills do you believe are most important for the future of work? "I believe for people
who are coming up today, for any area of enterprise work you need to learn how it will be
impacted by things happening today in technology.

"You need to have a constant outward focus on what’s going to impact you. You don’t want
to get surprised. Needing to learn [new skills] used to be a requirement for the ambitious, but
now even to survive you’ll have to have that future-proofing mindset for your skillset. That
future-proofing is mostly technology based. It can be based on automation; it can be based on
Al it can be based on a completely new way of doing work that comes in and can replace you.

"I don’t think anyone taking a job can be complacent in today’s world. Every job, including
that of a doctor, for example. If they’re expecting to be productive throughout their career
they’re finding their jobs may be at risk, because even a diagnostician working on Al may be
able to offer a better diagnosis for a patient. An automated system monitoring all your heart,
your bloodwork, your various vital signs can give you a better diagnosis. So you’re competing
against that all the time.

"So, your willingness to be aware of what is going to take your job, that’s a new skill you
need to survive in this world."

What are the greatest IT challenges today? "I think the number one challenge today... is
you’re no longer just finding a solution, but you’re having to find how cost effective it is to do it
that way. How expensive is it to do it that way? It has to give you a result that’s cheaper than it
cost to bring automation into it — or Al or ChatGPT or the cloud. All of them cost money. The
question is, who makes the money?

"So, for example, you have cloud providers making money. Then you have the GPU
manufacturers making money. Can you decide what is the most cost-effective way for my
company to survive?

"So first, be open to learning all the time. Second, be cost effective in all you do. That’s going
to be driving a lot of job positions tomorrow. We’re not going to be having big budgeting
exercises. Money is always in short supply."

https://www.computerworld.com/article/3698470/ai-is-a-necessary-evil-interview-with-cto-

of-ust.html
LMS-matdopma — He perycMOTpeHa
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5.3. Onucanne KOHTPOJIbHO-OLCHOYHBIX MEPONPUATHII MPOMEKYTOYHOT0 KOHTPOJIS 110
AUCHMILIHHE MOAYJIS

5.3.1. 3auer
CIrCOK PUMEPHBIX BOIIPOCOB

1. JIekcuKO-rpaMMaTH4EeCKUN TECT

2. YreHue

3. AyaupoBaHue

4. ITucemo

LMS-nnatdopma — He npeycMoTpeHa

5.3.2. DK3amMeH

Cnucok nNpuMepHBIX BOIPOCOB

1. JIekcuko-raMMaTHUYECKHUI TECT

2. Yrenue

3. AyaupoBaHue

4. [Tucemo

LMS-mardopma — He mpeycMOTpeHa

5.4 Copep:xaHnue KOHTPOJIbHO-OLCHOYHBIX MEPONIPUATHI 110 HANIPABJICHUAM
BOCIIUTATEIbHOM /1€ TeTbHOCTH

Hanpasnenue
BOCIIUTATEILHOU
NEeATEILHOCTH

Bun
BOCIIUTATEIILHOU
NEATETbHOCTH

Texuomorusa
BOCIIMTATEILHOU
NEATEIHHOCTHU

Kommerenir
nus

Pesynbprar
bl
00yueHUs

KonTtpoJbHo-
OLICHOYHBbIE
MeponpusiTus

dopmupoBaHue
COLMAJIbHO-
3HAYUMBbIX
LEHHOCTEN

MPOEKTHAsI
JeSATEITHLHOCTD
npohOpUEHTAIINO
HHas
JESITeIbHOCTD

TexnoJorus
MOBBIIICHUS
KOMMYHHUKATHBHO
H
KOMIIETEHTHOCTH
TexHnomnorus
dbopMupoBaHus
YBEPEHHOCTH U
TOTOBHOCTH K
CaMOCTOSITEIIbHOM
YCHENTHOU
npodecCuOHAbH
OU HESITEIbHOCTHU
TexHnomnorus
MIPOEKTHOTO
o0pa3oBaHUs
TexnoJiorus
CaMOCTOSITEIbHOM
paboTHI

VK-4

1-2

3auer
DK3aMeH
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